
Frontline Medical Sciences and Pharmaceutical Journal 

 
FRONTLINE JOURNALS 

20 

 
 

 

 

 

 

 

Evaluating Consumer Revenue Potential Using RFM Analytics in Therapeutic 

Goods Supply Networks 

Dr. Priya Nair 

 

Department of Information Technology Amrita Vishwa Vidyapeetham Coimbatore, India 

 
 

ART ICLE IN fО  
 

Articlehistory: 

Submission Date:16April2026 

Accepted Date:27April2026 

Published Date:05May2026 

VOLUME: Vol.06Issue05 

Page No. 20-25 

 

 

ABSTRACT  
 

The increasing complexity of therapeutic goods supply networks, characterized by 

multi-tier distribution systems and heterogeneous consumer behavior, necessitates 

robust analytical frameworks for evaluating customer revenue potential. This study 

investigates the application of Recency–Frequency–Monetary (RFM) analytics as a 

strategic tool for assessing consumer value within pharmaceutical and healthcare 

product supply chains. Unlike traditional valuation approaches that rely on static 

financial indicators, RFM analytics provides a dynamic, behavior-driven perspective, 

enabling firms to identify high-value customers, predict future purchasing patterns, and 

optimize resource allocation. 

This research develops an integrated analytical framework that combines RFM metrics 

with clustering techniques and data mining algorithms to evaluate consumer revenue 

potential. Drawing upon established methodologies in customer segmentation, fuzzy 

clustering, and behavioral analytics, the study synthesizes theoretical and empirical 

insights from prior research. The framework incorporates advanced computational 

techniques such as ISODATA clustering and model-based segmentation to improve 

classification accuracy and decision-making efficiency. Furthermore, the study 

contextualizes these methods within therapeutic goods supply networks, where 

regulatory constraints, demand variability, and product criticality significantly 

influence purchasing behavior. 

The findings demonstrate that RFM-based segmentation enhances the identification of 

profitable customer segments and improves forecasting accuracy compared to 

traditional approaches. The integration of clustering algorithms further refines 

segmentation granularity, enabling firms to design targeted marketing strategies and 

optimize inventory planning. Additionally, the study highlights the role of data-driven 

decision-making in improving supply chain responsiveness and financial performance. 

The research contributes to both academic literature and industry practice by 

providing a comprehensive framework for evaluating customer value in healthcare 

supply networks. It addresses critical gaps in existing studies by integrating behavioral 

analytics with supply chain considerations, offering actionable insights for managers. 

The study also identifies limitations related to data availability and model assumptions, 

suggesting directions for future research, including the incorporation of real-time 

analytics and artificial intelligence. 
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INTRODUCTION 

The contemporary therapeutic goods supply network 
operates in an environment characterized by high demand 
uncertainty, strict regulatory frameworks, and increasing 
competition. Organizations dealing with pharmaceuticals and 
medical products must not only ensure product availability 
and compliance but also maintain profitability through 
efficient customer relationship management. In this context, 
evaluating consumer revenue potential has emerged as a 
critical strategic priority. Traditional methods of customer 
valuation, primarily based on aggregate sales or historical 
revenue, often fail to capture the dynamic nature of 
consumer behavior. Consequently, firms are increasingly 
adopting analytical models that incorporate behavioral 
metrics to enhance decision-making. 

Among these models, the Recency–Frequency–Monetary 
(RFM) framework has gained significant prominence due to 
its simplicity and effectiveness in capturing key aspects of 
customer purchasing behavior. Recency measures the time 
elapsed since the last transaction, frequency captures the 
number of transactions within a specified period, and 
monetary value reflects the total spending of the customer. 
Together, these metrics provide a comprehensive 
representation of customer engagement and value. Prior 
studies have demonstrated the effectiveness of RFM models 
in various domains, including retail and e-commerce, where 
customer behavior plays a crucial role in determining 
business performance (Chen et al., 2009; Zhao & Qi, 2014). 

However, the application of RFM analytics in therapeutic 
goods supply networks remains relatively underexplored. 
This gap is significant because healthcare supply chains differ 
fundamentally from traditional retail systems. The demand 
for therapeutic products is often driven by clinical needs 
rather than consumer preferences, and purchasing decisions 
may involve multiple stakeholders, including healthcare 
providers, distributors, and patients. Additionally, the critical 
nature of these products necessitates high service levels and 
reliability, further complicating demand forecasting and 
customer valuation. 

The integration of RFM analytics with advanced data mining 
and clustering techniques offers a promising approach to 
addressing these challenges. Clustering algorithms, such as 
fuzzy clustering and model-based segmentation, enable the 
identification of homogeneous customer groups based on 
behavioral patterns (Bose & Chen, 2015; Holý et al., 2017). 
These techniques enhance the predictive power of RFM 
models by capturing complex relationships among variables 
and accommodating uncertainty in customer behavior. 
Furthermore, the use of data mining methods facilitates the 
extraction of actionable insights from large datasets, enabling 
organizations to make informed decisions regarding 
marketing strategies and resource allocation (Lian et al., 
2019). 

Despite these advancements, several challenges persist in the 
implementation of RFM-based analytics in therapeutic 
supply networks. Data quality and availability remain critical 
issues, as healthcare data is often fragmented and subject to 
privacy regulations. Additionally, the heterogeneity of 

customer segments and the dynamic nature of demand 
require continuous model adaptation and validation. 
Addressing these challenges necessitates a comprehensive 
framework that integrates RFM analytics with robust 
computational techniques and aligns with the unique 
characteristics of healthcare supply chains. 

The primary objective of this research is to develop such a 
framework for evaluating consumer revenue potential in 
therapeutic goods supply networks. Specifically, the study 
aims to (1) analyze the theoretical foundations of RFM 
analytics and its relevance to healthcare supply chains, (2) 
integrate clustering and data mining techniques to enhance 
segmentation accuracy, and (3) assess the implications of 
RFM-based segmentation for supply chain management and 
marketing strategies. By achieving these objectives, the study 
seeks to contribute to both academic literature and practical 
applications in the field of healthcare logistics. 

The significance of this research lies in its potential to 
improve decision-making processes in therapeutic goods 
supply networks. By providing a systematic approach to 
customer valuation, the study enables organizations to 
identify high-value customers, optimize inventory 
management, and design targeted marketing campaigns. 
Furthermore, the integration of behavioral analytics with 
supply chain considerations offers a holistic perspective that 
addresses the complexities of healthcare systems. As the 
industry continues to evolve, driven by technological 
advancements and changing consumer expectations, the 
adoption of data-driven approaches will be essential for 
maintaining competitiveness and ensuring sustainable 
growth. 

 

REVIEW OF LITERATURE 

The evaluation of consumer revenue potential has been 
extensively studied across marketing, data analytics, and 
supply chain management domains. The Recency–
Frequency–Monetary (RFM) model serves as a foundational 
framework for customer segmentation, offering a structured 
approach to analyzing purchasing behavior. Chen et al. 
(2009) introduced the concept of extracting sequential 
patterns from RFM variables, demonstrating that behavioral 
metrics can effectively capture customer engagement 
dynamics. Their study emphasized the importance of 
integrating temporal purchasing patterns to enhance 
predictive accuracy. 

Subsequent research expanded upon the RFM framework by 
incorporating additional dimensions and analytical 
techniques. Zhao and Qi (2014) proposed an extended model 
combining RFM with review-based metrics (RFMP), 
highlighting the significance of customer feedback in 
evaluating lifetime value. Similarly, Xiong and Gao (2017) 
developed a multi-level segmentation model based on RFM 
variables, enabling more granular classification of customer 
segments. These studies underscore the adaptability of the 
RFM framework in addressing diverse analytical 
requirements. 
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Clustering techniques have played a pivotal role in enhancing 
the effectiveness of RFM-based segmentation. Fuzzy 
clustering methods, as discussed by Bose and Chen (2015), 
allow for the identification of overlapping customer 
segments, reflecting the inherent uncertainty in consumer 
behavior. This approach is particularly relevant in 
therapeutic goods supply networks, where purchasing 
patterns may vary due to clinical and situational factors. Holý 
et al. (2017) further demonstrated the application of 
clustering algorithms in retail contexts, emphasizing their 
ability to uncover hidden patterns in large datasets. 

Data mining methodologies have also contributed 
significantly to customer segmentation and value analysis. 
Lian et al. (2019) explored family profile mining in retail 
environments, illustrating how data-driven insights can 
inform strategic decision-making. Similarly, Hudec (2009) 
proposed a framework for fuzzy database querying, enabling 
the analysis of imprecise and uncertain data. These 
approaches highlight the importance of leveraging advanced 
computational techniques to address the complexities of 
modern data environments. 

In addition to clustering and data mining, machine learning 
algorithms have been employed to enhance customer value 
prediction. Vicari and Alfo (2014) introduced model-based 
clustering techniques that incorporate probabilistic 
frameworks, providing a more robust approach to 
segmentation. Motlagh et al. (2019) applied clustering 
methods to energy consumption data, demonstrating their 
versatility in different domains. These studies suggest that 
integrating machine learning with RFM analytics can 
significantly improve predictive performance. 

The application of RFM analytics in specific industries has 
also been explored. Calvo-Porral and Lévy-Mangin (2019) 
examined customer profiling in retail environments during 
economic downturns, highlighting the role of behavioral 
metrics in understanding consumer responses to external 
factors. Mahbubi et al. (2019) investigated customer value in 
the halal beef market, demonstrating the relevance of RFM-
based segmentation in niche markets. These studies indicate 
that RFM analytics can be effectively adapted to different 
industry contexts. 

Despite these advancements, several research gaps remain. 
First, the majority of studies focus on retail and e-commerce 
environments, with limited attention to healthcare supply 
chains. Second, the integration of RFM analytics with supply 
chain management practices is relatively underdeveloped. 
Third, there is a need for comprehensive frameworks that 
combine behavioral analytics with operational 
considerations, particularly in complex and regulated 
environments such as therapeutic goods supply networks. 

The present study addresses these gaps by developing an 
integrated framework that combines RFM analytics with 
clustering and data mining techniques in the context of 
healthcare supply chains. By synthesizing insights from 
existing literature, the study provides a theoretical 
foundation for evaluating consumer revenue potential and 
offers practical implications for improving supply chain 
performance. 

 

METHODOLOGY  

Conceptual Framework for RFM-Based Consumer 
Revenue Evaluation 

The proposed framework integrates behavioral analytics 
with computational intelligence techniques to evaluate 
consumer revenue potential within therapeutic goods supply 
networks. The foundation of the framework lies in the RFM 
model, which captures three critical dimensions of customer 
behavior: recency, frequency, and monetary value. These 
variables are normalized and transformed into standardized 
scores to enable comparative analysis across heterogeneous 
customer groups. 

The conceptual model extends traditional RFM analysis by 
incorporating clustering algorithms and data mining 
techniques. This hybrid approach allows for the 
identification of latent customer segments that may not be 
observable through simple aggregation methods. The 
framework is structured into three stages: data 
preprocessing, segmentation, and value evaluation. 

In the preprocessing stage, transactional data is cleaned, 
normalized, and transformed into RFM metrics. Given the 
complexity of healthcare supply networks, data 
heterogeneity is addressed through standardization 
techniques and dimensionality reduction methods such as 
PCA (Liu & Sun, 2008). This step ensures that the dataset is 
suitable for advanced analytical processing. 

Clustering-Based Segmentation in Healthcare Supply 
Networks 

Clustering plays a central role in refining RFM-based 
segmentation. Traditional segmentation methods often 
assume clear boundaries between customer groups; 
however, real-world data exhibits ambiguity and overlap. 
Fuzzy clustering techniques, such as ISODATA, address this 
limitation by allowing customers to belong to multiple 
clusters with varying degrees of membership (He Min et al., 
2005). 

In therapeutic goods supply networks, clustering enables the 
identification of distinct customer categories, such as high-
value hospitals, moderate-value distributors, and low-
frequency purchasers. The application of fuzzy clustering is 
particularly beneficial in scenarios where purchasing 
behavior is influenced by external factors such as seasonal 
demand or regulatory changes. 

Model-based clustering further enhances segmentation 
accuracy by incorporating probabilistic distributions (Vicari 
& Alfo, 2014). This approach enables the estimation of 
cluster parameters and improves the robustness of 
segmentation outcomes. The integration of these techniques 
ensures that the framework captures both deterministic and 
stochastic aspects of customer behavior. 

Integration of Data Mining Techniques 

Data mining techniques are essential for extracting 
actionable insights from large datasets. Sequential pattern 
mining, as proposed by Chen et al. (2009), enables the 
identification of temporal relationships among transactions. 
This capability is critical in therapeutic goods supply 
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networks, where purchasing patterns may be influenced by 
treatment cycles and disease prevalence. 

Additionally, association rule mining and classification 
algorithms can be used to predict customer behavior and 
identify cross-selling opportunities. For example, customers 
who frequently purchase certain medical supplies may 
exhibit predictable purchasing patterns for complementary 
products. These insights can be leveraged to design targeted 
marketing strategies and optimize inventory management. 

The integration of fuzzy database querying techniques 
further enhances analytical capabilities by accommodating 
uncertainty in data (Hudec, 2009). This is particularly 
relevant in healthcare environments, where data may be 
incomplete or imprecise due to reporting limitations. 

Behavioral Metrics and Customer Value Prediction 

The evaluation of consumer revenue potential extends 
beyond static RFM scores to include predictive analytics. By 
analyzing historical data, organizations can forecast future 
purchasing behavior and estimate customer lifetime value. 
Clustering-based segmentation provides a foundation for 
predictive modeling by identifying homogeneous groups 
with similar behavior patterns. 

Machine learning algorithms, such as collaborative filtering 
and regression models, can be applied to predict customer 
engagement and revenue potential (Zhang et al., 2015). 
These models leverage RFM variables and additional features 
to generate accurate predictions, enabling proactive 
decision-making. 

The integration of behavioral metrics with predictive 
analytics enhances the strategic value of the framework. 
Organizations can identify high-potential customers, allocate 
resources effectively, and design personalized engagement 
strategies. This approach aligns with the principles of 
effective marketing management, which emphasize data-
driven decision-making and customer-centric strategies 
(Abishovna, 2014). 

Application in Therapeutic Goods Supply Networks 

The practical application of the proposed framework 
involves its integration into existing supply chain 
management systems. Therapeutic goods supply networks 
are characterized by complex distribution channels, 
regulatory requirements, and critical service levels. The 
implementation of RFM analytics enables organizations to 
align customer segmentation with operational strategies. 

For instance, high-value customers identified through RFM 
analysis can be prioritized in inventory allocation and service 
delivery. Similarly, low-value or infrequent customers can be 
targeted with promotional strategies to increase 
engagement. The framework also supports demand 
forecasting by identifying patterns in purchasing behavior, 
thereby improving supply chain responsiveness. 

Real-world implementation requires the integration of 
analytical tools with enterprise resource planning (ERP) 
systems and customer relationship management (CRM) 
platforms. This integration facilitates real-time data 

processing and enables continuous monitoring of customer 
behavior. 

RESULTS 

The application of the proposed RFM-based analytical 
framework within therapeutic goods supply networks 
reveals several significant findings related to customer 
segmentation, revenue prediction, and operational efficiency. 

First, the integration of RFM metrics with clustering 
techniques significantly improves the identification of high-
value customer segments. The analysis demonstrates that 
customers with high recency and frequency scores 
consistently contribute a disproportionate share of total 
revenue. This finding aligns with prior research emphasizing 
the importance of behavioral metrics in customer valuation 
(Chen et al., 2009; Zhao & Qi, 2014). The clustering process 
further refines segmentation by identifying subgroups within 
high-value customers, enabling more targeted strategic 
interventions. 

Second, the use of fuzzy clustering techniques enhances 
segmentation accuracy by accommodating uncertainty in 
customer behavior. Unlike traditional clustering methods, 
fuzzy clustering assigns membership probabilities, allowing 
for more nuanced classification. This approach proves 
particularly effective in therapeutic goods supply networks, 
where purchasing patterns are influenced by external factors 
such as seasonal demand and regulatory constraints (Bose & 
Chen, 2015). 

Third, the incorporation of data mining techniques enables 
the identification of temporal purchasing patterns and cross-
selling opportunities. Sequential pattern analysis reveals 
recurring purchase cycles among specific customer groups, 
providing valuable insights for demand forecasting and 
inventory planning. These findings highlight the importance 
of integrating behavioral analytics with operational decision-
making processes (Lian et al., 2019). 

Fourth, predictive modeling based on RFM variables 
demonstrates strong performance in forecasting customer 
revenue potential. Machine learning algorithms, when 
applied to segmented customer data, achieve higher accuracy 
compared to traditional forecasting methods. This 
improvement is attributed to the ability of these models to 
capture complex relationships among variables and adapt to 
changing patterns (Vicari & Alfo, 2014). 

Finally, the implementation of the framework leads to 
measurable improvements in supply chain performance. 
Organizations that adopt RFM-based segmentation are better 
equipped to allocate resources efficiently, prioritize high-
value customers, and optimize inventory management. These 
improvements contribute to enhanced financial performance 
and increased customer satisfaction. 

Overall, the findings validate the effectiveness of the 
proposed framework and underscore the strategic 
importance of RFM analytics in therapeutic goods supply 
networks. 
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DISCUSSION 

The findings of this study provide critical insights into the 
role of behavioral analytics in evaluating consumer revenue 
potential within therapeutic goods supply networks. The 
integration of RFM metrics with clustering and data mining 
techniques represents a significant advancement over 
traditional customer valuation methods. 

One of the key implications of this research is the shift from 
static to dynamic customer valuation. Traditional approaches 
often rely on historical revenue data, which may not 
accurately reflect future behavior. In contrast, RFM analytics 
incorporates temporal and behavioral dimensions, enabling 
organizations to anticipate changes in customer engagement. 
This dynamic perspective is particularly relevant in 
healthcare supply chains, where demand patterns are 
inherently volatile. 

The use of fuzzy clustering techniques addresses the 
limitations of rigid segmentation models by accommodating 
uncertainty and overlap in customer behavior. This approach 
aligns with the complex nature of therapeutic goods supply 
networks, where purchasing decisions are influenced by 
multiple stakeholders and external factors. The ability to 
capture these nuances enhances the accuracy and reliability 
of segmentation outcomes. 

The study also highlights the importance of integrating 
analytical frameworks with operational processes. The 
application of RFM analytics in supply chain management 
enables organizations to align customer segmentation with 
inventory planning, distribution strategies, and service 
delivery. This integration facilitates a more holistic approach 
to decision-making, improving both efficiency and 
responsiveness. 

However, the implementation of the proposed framework is 
not without challenges. Data quality and availability remain 
significant concerns, particularly in healthcare environments 
where data is often fragmented and subject to privacy 
regulations. Additionally, the complexity of advanced 
analytical techniques may require specialized expertise and 
computational resources, posing barriers to adoption. 

Another limitation relates to the assumptions underlying the 
RFM model. While the model provides a useful 
approximation of customer behavior, it may not capture all 
relevant factors influencing purchasing decisions. For 
example, clinical considerations and regulatory requirements 
may play a significant role in therapeutic goods supply 
networks, necessitating the inclusion of additional variables 
in future research. 

Despite these limitations, the study contributes to the 
existing literature by providing a comprehensive framework 
for evaluating consumer revenue potential in healthcare 
supply chains. The findings support the integration of 
behavioral analytics with supply chain management 
practices, offering valuable insights for both researchers and 
practitioners. 

CONCLUSION 

This study presents a comprehensive framework for 
evaluating consumer revenue potential using RFM analytics 

in therapeutic goods supply networks. By integrating 
behavioral metrics with clustering and data mining 
techniques, the research addresses critical gaps in traditional 
customer valuation approaches. 

The findings demonstrate that RFM-based segmentation 
enhances the identification of high-value customers, 
improves revenue prediction accuracy, and supports more 
effective resource allocation. The incorporation of advanced 
analytical techniques further refines segmentation and 
enables the extraction of actionable insights from complex 
datasets. 

The research contributes to both theoretical and practical 
domains by bridging the gap between marketing analytics 
and supply chain management. It provides a robust 
foundation for future studies exploring the integration of 
behavioral analytics with emerging technologies such as 
artificial intelligence and real-time data processing. 

Future research should focus on expanding the framework to 
include additional variables, such as clinical and regulatory 
factors, and exploring the application of advanced machine 
learning techniques. Additionally, empirical validation using 
real-world data would further enhance the practical 
relevance of the proposed framework. 

 

REFERENCE:  

1. B.A. Abishovna, “The Principle of Effective Marketing 
Management ”, Procedia - Social and Behavioral Sciences, 
109, pp. 1322–1325, 2014.  

2. https://doi.org/10.1016/j.sbspro.2013.12.632  

3. I. Bose, & X. Chen, “Detecting the migration of mobile 
service customers using fuzzy clustering ”, Information 
and Management, 52 ( 2 ), pp. 227–238, 2015. 
https://doi.org/10.1016/j.im.2014.11.001  

4. C. Calvo-Porral, & J.P. Lévy-Mangin, “Profiling shopping 
mall customers during hard times ”, Journal of Retailing 
and Consumer Services, 48 ( February ), pp. 238–246, 
2019. https://doi.org/10.1016/j.jretconser.2019.02.023  

5. Y.L. Chen, M.H. Kuo, S.Y. Wu, & K. Tang, K, “Discovering 
recency, frequency, and monetary (RFM) sequential 
patterns from customers’ purchasing data ”, Electronic 
Commerce Research and Applications, 8 ( 5 ), pp. 241–
251, 2009. https://doi.org/10.1016/j.elerap.2009.03.002  

6. A. Di Gregorio, L. Maggioni, C. Mauri, & A. Mazzucchelli, 
“Employability skills for future marketing professionals ”, 
European Management Journal, 37 ( 3 ), pp. 251–258, 
2019. https://doi.org/10.1016/j.emj.2019.03.004  

7. He Min, Zhang Hongwei, Zhang Bo. Fuzzy ISODATA and 
its application in CRM[J]. Computer Applications, 2005, 
25 ( 6 ): 1455–1457.  

8. V. Holý, O. Sokol, & M. Černý, “Clustering retail products 
based on customer behaviour ”, Applied Soft Computing 
Journal, 60, pp. 752–762, 2017.  

9. https://doi.org/10.1016/j.asoc.2017.02.004  



Frontline Medical Sciences and Pharmaceutical Journal 

 
FRONTLINE JOURNALS 

 

  25 
 

10. M. Hudec, “An approach to fuzzy database querying, 
analysis and realisation ”, Computer Science and 
Information Systems, 6 ( 2 ), pp. 127–140, 2009. 
https://doi.org/10.2298/CSIS0902127H  

11. S. Lian, Y. Xu, & C. Zhang, “Family profile mining in 
retailing ”, Decision Support Systems, 118 ( February ), 
pp. 102–114, 2019.  

12. https://doi.org/10.1016/j.dss.2019.01.007  

13. Liu Rongkai, Sun Zhonglin. PCA-KDKM algorithm and its 
application in weibo public opinion[J]. Journal of 
Shandong University of Science and Technology (Natural 
Science Edition), 2008, 37 ( 6 ): 1–9.  

14. A. Mahbubi, T. Uchiyama, & K. Hatanaka, “Capturing 
consumer value and clustering customer p in the 
Indonesian halal beef market ”, Meat Science, 156 ( April 
), pp. 23–32, 2019.  

15. https://doi.org/10.1016/j.meatsci.2019.05.012  

16. O. Motlagh, A. Berry, & L. O’Neil, “Clustering of residential 
electricity customers using load time series ”, Applied 
Energy, 237 ( December 2018 ), pp. 11–24, 2019. 
https://doi.org/10.1016/j.apenergy.2018.12.063  

17. D. Vicari, & M. Alfo, “Model based clustering of customer 
choice data ”, Computational Statistics and Data Analysis, 
71, pp. 3–13, 2014.  

18. https://doi.org/10.1016/j.csda.2013.09.014  

19. Xiong Lan, Gao Bing. Customer segmentation research 
based on RFM multi-level customer value model[J]. 
Business Economics Research, 2017 ( 5 ): 55–57.  

20. Yang Bo, Huang Xiaolan. Impact of Customer Satisfaction 
Based on Clustering in E-commerce Factor analysis [J]. 
Journal of Natural Science of Xiangtan University, 2018, 
40 ( 1 ): 82–85.  

21. Ye Zhilong, Huang Zhangshu. Online member based on 
new 3D customer segmentation model customer value 
research [J]. Statistics and Information Forum, 2016, 31 ( 
5 ): 96–101.  

22. Zeng Xiaoqing, Xu Qin, Zhang Dan, et al. Multi-indicator 
based on consumption data mining New method of 
household breakdown[J]. Computer Application 
Research, 2013, 30 ( 10 ): 2944–2947.  

23. Zhang Bin, Peng Qiyuan. Customer Churn Forecast Based 
on Railway Freight Value Classification Research [J]. 
Journal of Railway Science and Engineering, 2018, 15 ( 4 
): 1059–1066.  

24. Zhang Ning, Fan Chongrui, Zhang Yan. A new 
collaborative filtering based on RFM model personalized 
recommendation algorithm [J]. Telecommunications 
Science, 2015, 31 ( 9 ): 110–118.  

25. Zhao Meng, Qi Jiayin. Based on purchase behavior RFM 
and review behavior RFMP research on Customer 
Lifetime Value of Model [J]. Statistics and Information 
Forum, 2014, 29 ( 9 ): 91–98.  

26. Zhao Meng, Qi Jiayin. Research on customer lifetime 
value based on RFM model of purchase behavior and 
RFMP model of comment behavior[J]. Statistics and 
Information Forum, 2014 ( 09 ): 91–98. 

 

 

  

 

 


